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Abstract

Mexico’s conditional cash transfer program Progresa served as a model for evidence-

based development policy for over two decades. We estimate the school and work

impacts of its sudden rollback. Comparing high- and low-penetration areas before and

after rollback, we find that the loss of benefits decreased school enrollment, particularly

for boys. In high-penetration areas, rollback reduced enrollment and raised employment

in high-school-aged boys by 12 and 8 percentage points, respectively. Employment was

concentrated in industries offering good wages for recent dropouts but relatively poor

wages at older ages, consistent with rollback-induced dropout being costly for boys over

their lifetimes.

∗We gratefully acknowledge support from the Eunice Kennedy Shriver National Institute of Child Health
and Human Development of the National Institute of Health under award number R21HD107407 and grant
P2C-HD041041, Maryland Population Research Center. We thank Regina Calles Martínez, Marcos Fabián
Covarrubias, and Daniel Gomar for research assistance. We thank seminar participants at Pontificia Uni-
versidad Católica del Perú, University of California San Diego, CIDE, Universidad Iberoamericana, the
Inter-American Development Bank, ITAM, El Colegio de Mexico, University of Maryland, University of Vir-
ginia, International Conference for Development Economics 2024 at Aix en Provence, 2024 NBER Summer
Institute, and the Georgetown Americas Institute.

†El Colegio de Mexico, Centro de Estudios Económicos. E-mail: fmarquez@colmex.mx.
‡University of Maryland; School of Public Policy. E-mail: swparker@umd.edu.
§University of California San Diego, Department of Economics. E-mail: tvogl@ucsd.edu.



1 Introduction

Social program retrenchment is on the rise. From Brazil to India to Mexico to the United

States, governments led by populists on the right and left have worked to cut longstanding

social programs, in some cases radically and abruptly.1 The United States’ foreign aid freeze,

a product of the same political currents, may lead to similar cuts in recipient countries. This

paper studies the consequences of a key episode in this wave of retrenchment, the rollback of

Mexico’s highly successful conditional cash transfer (CCT) program, which had served as a

prototype for similar programs in more than 60 countries (Ibarrarán et al., 2017) and helped

establish the experimental approach to development economics (Duflo et al., 2007).

Sudden rollbacks of social programs may occur in the absence of up-to-date evidence on

program effectiveness, which can allow false narratives to develop about their consequences.

Or, as part of retrenchment, populist governments may simply dismiss or ignore existing

evidence. Mexico’s CCT program Progresa—later renamed Oportunidades and then Pros-

pera—was a paragon of the impact evaluation movement, with a pioneering randomized

controlled trial and quasi-experimental studies documenting that the program met its goals

of keeping youth in school and out of the labor force, along with a host of other health and

economic benefits (Parker and Todd, 2017). This evidence, based primarily on variation

in rollout, contributed to the program’s nationwide scale-up and persistence for over two

decades, through four presidencies from both leading parties. Long-lasting programs of this

kind may provide limited new variation to update initial impact estimates. We evaluate the

schooling and labor impacts of rolling back Prospera, which on the eve of rollback provided

benefits to approximately one-fourth of Mexican households.

Experimental and quasi-experimental analyses of rollout have become central to how

economists study program effectiveness, but to the best of our knowledge, few studies have

exploited large-scale rollback or benefit loss.2 While one might think that a program’s ces-

sation simply flips the effects of its initiation, rollout and rollback need not have symmetric

effects. In the case of Progresa, Mexico’s educational landscape shifted in two key ways in
1Heller (2020) describes the rollback of universal rights to access the social safety net as a key feature of

“retrenchment populism.” This rollback can occur with or without reducing the overall size of government.
2An exception is Jensen and Richter (2004), who study the Russian pension crisis of the 1990s.
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the decades since rollout in 1997, leading to changes in the marginal beneficiary (Appendix

Figure A1). First, enrollment at middle school ages, originally a program target, increased

in the first decade but then leveled off at a high rate; enrollment at high school ages, orig-

inally excluded from the program, steadily rose and has room for further growth. Second,

girls’ enrollment, originally a program target, overtook boys’ enrollment. Rollback effects

could be more muted than rollout effects if the program did not keep up-to-date with these

changes. They could also be more muted because education is an experience good, because

the program lastingly changed norms about educating girls, or because the cumulation of

past benefits raised household liquidity even after benefits ceased.3 On the other hand, loss

aversion and default bias may have contributed to school attachment while benefits were

flowing, making the effects of withdrawing them even stronger.

We estimate the effects of rollback on school and work using a difference-in-differences

design, comparing outcomes in localities with high and low program penetration, before and

after the program ended. We combine administrative data on locality Prospera penetration

just before rollback—obtained through repeated public records requests—with household

survey data from the quarterly National Survey of Employment and Occupation to study

enrollment at primary, middle, and high school ages, as well as teenage employment and

earnings. Rollback occurred suddenly and unexpectedly in early 2019, leaving one school-

year transition to observe dropout decisions before the onset of COVID-related school and

data interruptions. Our comparisons over time of localities with differing exposure to a

longstanding anti-poverty program raise questions about differential trends, but we verify

robustness to comparing localities over time nationwide, or within the same state, or within

the same municipality, or at the same level of economic disadvantage.4

We find that rollback bore a substantial burden for youth living in high-Prospera penetra-

tion localities. Following the cessation of program benefits, school enrollment rates declined

relative to low-penetration localities, with effects especially pronounced at high school ages

(15-17) and among boys. Estimates from our preferred specification imply that school en-
3Gertler et al. (2012) find that Progresa raised investment in productive assets, which could protect youths’

education from rollback by alleviating liquidity constraints. However, this mechanism may be limited to the
extent that successful investors select out of program eligibility.

4The municipality is an administrative unit in Mexico akin to the county in the United States.
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rollment among boys of high school age declined by 12 percentage points—or 17% of the

mean—in localities with full program penetration, relative to localities with no program

penetration.5 High-school-aged boys have higher employment rates than other youth in

Mexico, implying a larger trade-off between school and work. Indeed, we find that roll-

back raised employment in this group, with our estimates suggesting that more than 1 in 2

rollout-attributable dropouts started working upon leaving school.

After announcing the cancellation of Prospera, the government reallocated Prospera funds

to a new education grant program called Becas Benito Juárez, which loosened conditionality

and severely reduced targeting of the poor.6 The switch slashed support to beneficiary

households and curtailed program activities in the poorest parts of Mexico, with total benefits

declining by 65% in the poorest quartile of localities. We argue that the magnitude of benefit

loss made the episode comparable to wholesale retrenchment in communities that had been

dependent on Prospera. Even if the new program acted as a partial replacement for Prospera,

our results are all the more striking because they are net of the new program, which spent

a similar amount as Prospera in aggregate. Consistent with our interpretation of the new

program as a nonfactor, our results remain unchanged when we control for its rollout.

Conditional cash transfer programs may increase schooling partly by relieving liquidity

constraints or addressing present bias from myopic preferences or incomplete parental altru-

ism (Progresa, 1997), leading to education investments that take years to generate returns.

Consistent with these ideas, we present descriptive evidence suggesting that the near-term

return to completing high school is small for boys on the margin of high school dropout. An

economically significant high school wage premium emerges only in middle age (early forties),

when graduates earn more than 25% higher wages than dropouts. Before then, working in

construction without a high school degree earns as good a wage as any other option, and

indeed, the modal rollback-attributable job is in construction. Circumstances like these are

a textbook case for government intervention.

Our findings contribute to three literatures in economics and other social sciences. The
5The impact of Prospera’s rollback on boys’ school enrollment is larger than the impact of Progresa’s

rollout, albeit at different schooling levels. Schultz (2004) estimates that Progresa raised middle school
enrollment in its first two years by 5-6 percentage points for boys and 7-9 percentage points for girls.

6The replacement program borrowed many features from a Mexico City program that failed to improve
schooling outcomes (Dustan, 2020).
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first is a new thread on unconditional and conditional transfer programs, regarding whether

program gains persist after transfers end. Existing studies focus on whether positive effects in

short-term pilot studies are maintained post-pilot (Haushofer and Shapiro, 2018; Baird et al.,

2019; Blattman et al., 2020). These studies, all in sub-Saharan Africa, find that increases

in educational investment may be sustained in the near term when transfers meaningfully

raise household wealth, but not in the long term. Our research extends this literature to the

context of a longstanding program in Latin America, finding immediate negative effects.

The second related literature deals with the effects of CCT programs in the long term,

including several studies of nationwide programs in Latin America (Molina Millán et al., 2019;

Molina Millán et al., 2020; Araujo and Macours, 2021; Parker and Vogl, 2023; Barham et al.,

2024). This literature documents lasting effects on individuals exposed to rollout as children,

distinct from our focus on contemporaneous effects when a longstanding program ends.

Together, the two forms of long-term evidence suggest benefits from continued investment

in CCT programs by governments and multilateral organizations. This takeaway speaks to

research on the relative effectiveness of various protection programs (Banerjee et al., 2024).

The third related literature focuses on the retrenchment of large social programs. Political

scientists have long studied the political forces shaping support for the retrenchment of the

welfare state in industrialized countries (Pierson, 1994). Economists have focused on the

effects of these efforts, for example finding that US welfare reform in the 1990s induced

smaller changes in government support for the poor than those we find here (Bitler and

Hoynes, 2010). We contribute new results on the effects of drastic cuts in support, which

may prove relevant to other episodes in the current wave of retrenchment.

We present novel evidence that, more than 20 years after its implementation, Prospera

kept teenagers in school and out of work. Its discontinuation led to an immediate drop in

high school enrollment, particularly for young men, even despite the implementation of a

substitute program. The results suggest that the conditional transfers provided by Prospera

were still promoting human capital accumulation for young Mexicans, particularly those in

the most marginalized communities. Our findings provide critical and timely new empirical

evidence to inform decisions regarding the continuation of CCT programs and to ground

narratives about the consequences of populist retrenchment in Mexico and across the world.
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2 Background

2.1 Rolling Out Progresa

Implemented in 1997, Progresa was among the first CCT programs, along with the Brazilian

program Bolsa Escola. Before the Mexican government announced its rollback in early 2019,

it supported 7 million low-income households through direct monetary transfers conditioned

on school enrollment and attendance as well as preventive health clinic visits, increasing

its average beneficiaries’ incomes by about 30 percent (Parker and Todd, 2017). CCT pro-

grams have the dual objectives of reducing current poverty directly, through cash, and future

poverty indirectly, through education and health improvements in the next generation. They

are thought to improve children’s education and health by easing the financial constraints

their families face and by subsidizing investments in education and health.

A well-known randomized controlled trial in 1997 served as the basis for a number of

evaluations in the early years of Progresa, which found positive effects on school enrollment

(Schultz, 2004; Skoufias and Parker, 2001), child health (Gertler, 2004; Gertler and Boyce,

2003; Rivera et al., 2004), household consumption (Hoddinott and Skoufias, 2004), and

women’s status (Adato et al., 2000), as well as negative effects on youth employment (Skoufias

and Parker, 2001). CCT programs rapidly spread through Latin America and to other

continents as well. By 2013, 137 million individuals across Latin America were receiving

CCTs (Ibarrarán et al., 2017).

The program’s effects on schooling and work have been of central interest throughout

its existence. Analyzing data from the 18-month experiment, Schultz (2004) finds that

the program significantly increased the probability of transitioning to middle school after

completing primary (from the 6th to 7th grade), with increases on the order of 5-6 percentage

points for boys and 7-9 percentage points for girls. Behrman et al. (2005) estimate a Markov

schooling transition model that compares transition matrices between the treatment and

control groups, analyzing enrollment, repetition, dropout, and school re-entry at each age.

Consistent with Schultz (2004), they find few effects at primary school ages and larger

effects at middle school ages. Skoufias and Parker (2001) focus on time use data from the

experimental evaluation, finding positive impacts on enrollment and time spent in studies,
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as well as negative effects on time spent working. For youth aged 12 to 17—middle and

high school ages—they find school attendance rises 4-6 percentage points for boys and 8-10

percentage points for girls, and work outside the home falls 3-5 percentage points for boys

and 2 percentage points for girls. These results suggest greater vulnerability for girls but a

stronger school-work trade-off for boys.

Later studies on medium- and long-term impacts establish that the contemporaneous in-

creases in school attachment translated to lasting effects on accumulated schooling levels. In

medium-term follow-ups of the experimental evaluation, Behrman et al. (2009) and Behrman

et al. (2011) estimate that extended time in the program raises grades completed, about 1

full grade for children who participate in the program for 6 years beginning at ages 9 to

12, compared to nonparticipating children. In a long-term follow-up, Araujo and Macours

(2021) study children and youth from the original study sample twenty years later, focus-

ing on those born into the program (which they term “early childhood cohort”) and those

at the transition between primary and secondary school when the program began (“school

cohort”). They find impacts of 0.3 to 0.4 years of increased schooling for the early childhood

cohort and 0.2 to 0.3 years for the school cohort, although impacts for males in the school

cohort are not statistically significant at conventional levels. In a difference-in-differences

design based on cohort exposure to the non-experimental rollout of the program across all of

Mexico, Parker and Vogl (2023) find education impacts for children who grew up with the

program to be about 1.4 grades completed for women and 1.0 for men. The estimates from

the two long-term follow-ups differ in levels, perhaps due to differing levels of aggregation in

program exposure, but both suggest larger effects for women.

2.2 Rolling Back Prospera

Progresa lasted through three presidential transitions largely unscathed, save for name

changes to Oportunidades and then Prospera. When Andrés Manuel López Obrador won

Mexico’s presidential election in June 2018, rumors purported that he planned to end the

longstanding program. He initially denied these plans, but on February 25th, 2019, less than

three months after he took office, the Diario Oficial de la Federación, a daily publication of

the Mexican federal government akin to the United States’ Federal Register, announced that
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during 2019 Prospera would transition to a new education grant program called Becas Benito

Juárez (BBJ).7 The government’s 2019 budget also stated that Prospera’s resources would

be reassigned to the new substitute program. In practice, poor families experienced massive

disruption during rollback and had little access to BBJ, at least in the pre-COVID period.

Benefits stopped flowing, often unannounced. Prospera’s websites, both for beneficiaries and

for researchers, disappeared.

On paper, both BBJ and Prospera provided transfers conditional on school enrollment,

but BBJ reduced the use of means-testing, loosened conditionality, and stopped monitoring

attendance.8 The structure of BBJ closely followed that of the Prepa Sí program in Mexico

City, which did not appreciably affect schooling outcomes (Dustan, 2020). At the primary

and middle school levels, BBJ provided a fixed family grant of 800 pesos (approximately $50

USD) monthly for families who have at least one child enrolled in school in ninth grade or

below. This flat grant contrasted with Prospera’s payments, which depended on the number

of children enrolled and the grades in which they were enrolled. At the high school level, BBJ

provided a monthly grant of 800 pesos to each youth enrolled in high school, with the grant

going directly to the high school student, rather than the female head of household as under

Prospera.9 Appendix Table A1 compares the structure of benefits across programs. In a

household that transitioned from Prospera to BBJ, transfers received by parents might have

increased or decreased, depending on the number of children, their current grades in school,

and the extent of resource-sharing between high-school-aged teenagers and their parents.

These nuanced differences in program benefits and rules were swamped by disruption

and changes in program reach. Newspapers reported complaints and demonstrations by

Prospera beneficiary families during the spring of 2019, suggesting that many received no

payments during the first half of 2019. The operational process through which Prospera

beneficiaries were transitioned to the BBJ program is not well documented (see Jaramillo-

Molino (2020) and CONEVAL (2020a)). However, through repeated public records requests,

we obtained administrative data on Prospera and BBJ payments just prior to and just after
7Prospera also had a health and nutrition component, including a fixed monetary transfer linked to

preventive health clinic visits, but the government created no new program substituting for it.
8BBJ ended means-testing at the high school level but continued it at the primary and middle school

levels. BBJ also eliminated Prospera’s 85% attendance requirement for students to receive grants.
9A smaller third component, Jóvenes Escribiendo el Futuro, provided transfers to college students.
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rollback, allowing us to analyze how coverage of this new program evolved, both in terms

of beneficiaries and peso amounts. Parker and Vogl (2024) compare transfers and total

beneficiaries under the two programs, showing that while rollback disrupted payments in the

first half of 2019, total transfers by year’s end were similar to previous years.

Nevertheless, the geographic distribution changed substantially. Under Prospera, a dis-

proportionate share of benefits went to Mexico’s poorest localities; BBJ substantially muted

this progressivity, as might be expected given reduced means-testing. To illustrate, Figure

1 plots transfers per household under Prospera and BBJ across the government’s local-

ity marginalization index, the first principal component of various census-based measures

of community disadvantage. Outside the 10% least marginalized localities, resources per

household declined after rollback. The poorer the community, the larger the reduction in

transfers per household. After rollback, households living in localities with above-median

marginalization averaged less than half the transfers they received before rollback. Mean-

while, in the 10% least marginalized localities, households averaged more than double what

they had received pre-rollback. These shifts are consistent with a constant budget because

most Mexican households reside in the least marginalized localities (which include major

cities), as shown in the population distribution at the bottom of the figure.

In summary, Prospera showed a high degree of progressivity, with transfers per household

increasing with locality marginalization, but this progressivity largely disappeared under

BBJ. The net result is that BBJ program provided far fewer resources per household in

poor communities. Qualitative evidence also suggests that BBJ transfers started reaching

beneficiaries only three to six months after the official start of the program (CONEVAL,

2024). Prospera households experienced acute disruptions and reductions in their benefits.

3 Data and Methods

3.1 Data

We measure school and labor market outcomes in the National Survey of Occupation and

Employment (ENOE), a quarterly labor market survey carried out since 2005 by INEGI, the
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Mexican statistical agency. The ENOE is Mexico’s equivalent to the US Current Population

Survey. It interviews approximately 127,000 households every quarter, and is representative

at the national and state levels as well as at the urban, semi-urban, and rural levels.10 We use

rounds between 2014 and 2020, excluding summers, when schools are largely out of session.

Our main outcome is school enrollment, which we study separately for boys and girls of

primary-school (6-11), middle-school (12-14), and high-school (15-17) age. In the last age

range, we also study labor market outcomes and time use.

We focus on survey rounds before the March 2020 onset of the COVID-19 pandemic, for

three reasons. First, the pandemic closed Mexican schools for over a year, changing incentives

for school enrollment and making survey responses about it less informative. Second, the

ENOE shut down in Spring 2020 and then temporarily switched from in-person to telephone-

based interviews, with consequences for representativeness that are not yet fully understood.

Third, even after the ENOE returned to in-person interviews, the public-use files stopped

providing locality identifiers, and these identifiers are crucial to our research design.

To identify the effects of rollback, we track school enrollment and labor market outcomes

over time across geographic areas with varying levels of pre-rollback Prospera penetration,

using administrative data on Prospera enrollment. The ENOE provides geographic identifiers

at the locality level, allowing us to merge local program penetration to it. Our primary

measure of Prospera penetration is the beneficiary share: the ratio of households enrolled

in Prospera in 2017 to the number of total households enumerated in the locality in the

most recent census, in 2010. In sensitivity analyses, we also rely on program benefits per

household, but we preference the beneficiary share because it is easier to interpret and less

intrinsically correlated with a locality’s demographic structure. Appendix Figure A2 plots

benefits per household against the beneficiary share, finding a linear relationship, with 2017

benefits per household rising 104 pesos for each percentage point increase in the beneficiary

share. We use 2017 as the last stable pre-rollback year, before the 2018 election. Mexican

law prohibits the government from the distribution of public benefits during elections.

We include in our main estimation sample all localities with fewer than 100,000 inhabi-
10The survey design also includes a rotating panel in which every household is interviewed up to five times,

allowing the construction of a new panel beginning in each quarter.
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tants. We exclude large cities because they had few beneficiaries—Prospera was concentrated

in poor, rural areas—and we wish to avoid relying on comparisons between large cities and

small localities to identify the effects of rollback. Large cities are likely to experience dif-

ferent trends and shocks from Prospera target areas so are not plausible as a control group.

We thus track changing outcomes over time in more versus less penetrated localities out-

side large cities. Appendix Figure A3 shows that only about 5% of households in localities

above 100,000 population were beneficiaries, compared with nearly 60% in localities below

2,500 population.11 The ENOE is designed to be representative of localities below 100,000

inhabitants, so the restriction does not introduce non-representativeness in our sample. In

robustness analyses, we verify that our main results are robust to including large cities.

3.2 Design and Estimation

The rollback of Prospera began during the first two months of 2019, after López Obrador

took office in December 2018. We hypothesize impacts on school enrollment and related

labor market outcomes mainly at the beginning of the following school year, which started

in the late summer of 2019. We thus study impacts starting about 9 months after the start

of rollback, prior to the onset of COVID-19 in March 2020. Because the policy conversation

during the presidential election may have shifted expectations regarding Prospera’s future

already in 2018, we also allow for anticipation effects in school year 2018-2019. Our empirical

strategy leverages quarterly variation, allowing us to trace the entire pattern of school and

labor market responses before and after rollback, including within the academic year. We

compare changes in outcomes from before to after rollback across localities with higher versus

lower levels of program penetration.

The dynamics of school dropout motivate the hypothesized timing of effects. Appendix

Figure A4 uses the ENOE rotating panels to show that school-leaving is concentrated between

the end of one academic year and the beginning of the next, rather than during the academic

year. For example, among 15-17 year-old boys enrolled in fall or winter, roughly 4% drop

out by the next season; among those enrolled in spring, over 8% drop out by the following
11Less populous localities were more likely to lose benefits during the transition from Prospera to BBJ.

Among localities under 100,000, 92% received less under BBJ; over 100,000, 14% received less under BBJ.

10



fall. Dropout levels are somewhat lower for girls and for 12-14 year-olds of either gender,

but the summer spike is similar in relative terms.

We use a variant of a standard dose-response specification for continuous difference-in-

differences. For individual i from locality l in state s at quarter t, we estimate:

yilst = αProsperals + γProsperals12018/19 + βProsperals12019/20 + τst + ϵilst (1)

Cross-sectional variation in rollback exposure is captured by Prosperals, the share of local-

ity ls ’s households enrolled in Prospera in 2017, the last stable year of the program. We

include this variable directly, rather than absorbing cross-sectional variation with locality

fixed effects, because most localities do not appear in the survey for more than two years.

We interact Prosperals with an indicator for the 2019-20 academic year to identify the

effect of rollback. The coefficient on the interaction term, β, captures how outcomes changed

from before to after rollback across localities with more versus less Prospera penetration. We

also interact Prosperals with an indicator for the 2018-19 academic year, which allows for

rollback impacts to begin in school year 2018-2019, given potential anticipation related to

the election in 2018 as well as rollback taking place during the latter part of the 2018-2019

academic year. However, the dropout patterns described above suggest that enrollment

effects should be most visible after summer dropout, during the 2019-20 academic year.

To complete the regression specification, we include quarter fixed effects. Our preferred

approach allows the quarter fixed effects to vary by state, τst, so that we only compare

changes in outcomes between localities within the same state. We verify that our results are

robust to allowing the quarter fixed effects to vary by municipality, akin to a county in the

United States, but we prefer the state-quarter specification because in our survey sample,

nearly half of municipalities have only one locality. With state-by-quarter fixed effects, our

design assumes that more- and less-saturated localities within the same state would have

experienced the same enrollment changes in the absence of rollback.

We use equation (1) to analyze a two-period difference-in-differences design with a con-

tinuous treatment, which Callaway et al. (2024) point out has a fraught interpretation under

treatment effect heterogeneity. We start by interpreting β as an average causal response of
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enrollment to a marginal decrease in Prospera penetration, which is identified under strong

parallel trends. In our context, the strong parallel trends assumption requires that the

evolution of outcomes for localities at a given Prospera penetration represents what other

localities would have experienced, on average, had they been assigned the same Prospera

penetration. We also discuss an alternative interpretation of β as the effect of rollback on a

locality in which all households were Prospera beneficiaries. This extrapolation works if the

causal response function is linear, but Callaway et al. (2024) show that it does not other-

wise. In the Appendix, we report 2-by-2 difference-in-differences comparing fully-penetrated

localities with fully-unpenetrated localities, finding larger effects than those estimated using

equation (1). We thus view our core estimates as conservative.

To shed light on pre-existing trends, we also estimate an event study specification:

yilst = αProsperals +
∑

q ̸=2018q2

βqProsperals1t=q + τst + ϵilst. (2)

This specification modifies equation (1) by interacting the cross-sectional exposure variable

with indicators for every quarter except the spring of 2018, just preceding the presidential

election. The parallel trends assumption implies βq to be zero for all quarters years prior to

this reference period. Given summer dropout, we expect rollback effects to materialize in the

fall of 2019 and winter of 2020, with βq negative for enrollment and positive for employment,

labor hours, and earnings. In between, from the fall of 2018 to the spring of 2019, the effects

of anticipated or early-stage rollback are uncertain, so that βq may be the same sign or zero.

For both specifications, we use data from 2014 onward, leaving a four-year window before

López Obrador’s election. This window had stable Prospera enrollment and is long enough

to assess pre-rollback trends in the event studies. We cluster standard errors by locality.

4 Effects of Rollback on School Enrollment

4.1 Main Results

Our analysis begins by estimating the impacts of rollback on school enrollment by gender

and age group. We separate ages 6-11, 12-14, and 15-17, corresponding approximately to the
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ages of primary (grades 1 to 6), middle (grades 7 to 9), and high (grades 10 to 12) school.

Figure 2 reports event studies for school enrollment. A first vertical line marks the quarter

leading up to the election, the reference period. A second vertical line marks the fall quarter

of 2019, the beginning of the 2019-20 academic year. We expect estimates to be flat at 0 to

the left of the first vertical line, consistent with parallel trends, and negative to the right of

the second vertical line, after summer dropout. Predictions are ambiguous in between.

The first row of Figure 2 pools boys and girls, with the event study estimates showing

clear evidence of negative effects at high school ages and suggestive evidence of negative

effects at earlier ages. All three age groups show no evidence of differential pre-rollback

trends, nor of anticipation or early-stage effects between spring 2018 and fall 2019. For

primary and middle school ages, small gaps emerge in fall 2019, with magnitudes of 1-2

percentage points at primary school ages and 3-4 percentage points at middle school ages.

Across the two age groups and the two post-dropout quarters, however, the gaps are not

consistently significant at conventional levels, with p-values ranging from 0.02 to 0.16. In

contrast, for high school ages, the estimated coefficients drop abruptly and significantly in

fall 2019, implying a fall in enrollment due to rollback. The estimates for fall 2019 and winter

2020 have magnitudes of 9-10 percentage points and p-values below 0.02.

The second and third rows of Figure 2 estimate the event studies separately for boys and

girls, revealing that the evidence of negative effects in the pooled sample primarily reflects

effects on boys. For girls, the event studies are flat throughout ages 6-11 and 12-14, displaying

neither differential pre-trends nor rollback impacts. For ages 15-17, the event study suggests

a reduction in enrollment in the fall of 2019, but many pre-rollback coefficients are also

negative. Thus, the event studies exhibit no evidence of effects on younger girls and only

suggestive evidence of effects on high-school-aged girls.

For boys, the timeline looks markedly different. All three age groups show no differential

pre-trends but at least marginally-significant negative effects in the 2019-20 school year.

Mirroring the pooled estimates, the estimated coefficients for the youngest boys are small

and only marginally significant, with magnitudes around 2 percentage points and p-values of

0.07-0.16. At older ages, however, the estimated coefficients in the post-dropout period are

larger and consistently significant: 7-9 percentage points at middle school ages and 10-11
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percentage points at high school ages, in all cases with p < 0.05.

Table 1 summarizes these temporal patterns using regression specification (1), again

reporting both pooled and gender-specific results. Panel A analyzes the pooled sample,

while Panels B and C split the sample by gender. Column (1) restricts to ages 6-11, column

(2) to ages 12-14, and column (3) to ages 15-17. For each sample and age group, the table

reports the estimated coefficients on the Prospera share and its interaction with indicators

for the 2018-19 and 2019-20 academic years, along with the dependent variable mean.

The interaction terms are of central interest because they measure the effects of rollback,

but we highlight three descriptive patterns first. First, the dependent variable mean—the

enrollment rate—is highest at primary school ages, 99%, lower at middle school ages, 93-

94%, and lower still at high school ages, 73-74%. Second, in every age group, it is also

slightly lower for boys. Third, the estimated coefficient on the Prospera share is consistently

negative, and more so at older ages. School enrollment is lower in localities with higher

Prospera penetration. At high school ages, enrollment rates are 20-27 percentage points

lower in full-penetration localities compared with zero-penetration localities. Before rollback,

the program was reaching communities where youth had high dropout risk.

As already displayed in the event studies, the results for the interaction terms indicate

that this gradient steepened substantially in the 2019-20 academic year, particularly in the

pooled sample and among boys. Using the pooled sample, Panel A reports negative and

significant estimates of β, the coefficient on the interaction between pre-rollback program

intensity and the 2019-20 academic year, for all three age groups. For ages 6-11 and ages

12-14, the estimates are significantly different from zero at the 5% level; for ages 15-17, it

is significant at the 1% level. Estimates of γ, the coefficient on the interaction between

program intensity and the 2018-19 academic year, are negative but statistically insignificant,

implying the absence of significant anticipatory effects.

The estimated coefficient on the 2019-20 interaction is particularly large for high-school-

aged youth, -0.089. Under the strong parallel trends assumption, it can be interpreted as a

variance-weight average causal response, implying that a 1 percentage point decline in the

share of households covered by Prospera caused 9 in 10,000 high schoolers to drop out. With

an additional linearity assumption, it can also be interpreted as the average effect of rollback
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in localities that started with full Prospera penetration. Seen this way, the coefficient implies

rollback-attributable enrollment declines of 8.9 percentage points in full-Prospera localities.

This effect amounts to 12% of the sample-wide enrollment rate of 73% among 15-17 year-olds.

We assess robustness to relaxing these assumptions in the next section.

The estimated effects of rollback on enrollment are smaller for younger age groups. At

middle school ages, 12-14, the negative effect of rollback on enrollment (under strong parallel

trends and linearity) is 3.6 percentage points. This result contrasts with studies of Prospera

rollout from two decades earlier, which found larger impacts on middle school enrollment

at a time when enrollment rates were lower than they are at present. At primary school

ages, 6-11, the effect is 1.3 percentage points. The small impact on primary enrollment

matches conclusions from the original Prospera rollout studies. Primary enrollment is nearly

universal, with 99% of 6-11 year-olds enrolled.

Also consistent with the event studies of Figure 2, Panels B and C of Table 1 find that

the negative effects of rollback on school enrollment are concentrated in boys. In Panel B,

estimates of β are negative and statistically significant for boys in all three age groups (at

the 1% level for 12-14 and 15-17 year-olds and 8% level for 6-11 year-olds). They are also

larger than the pooled effects estimated in Panel A. The negative effect of rollback on school

enrollment is particularly large in boys ages 15-17, with a coefficient of -0.123. Under strong

parallel trends and linearity, this coefficient implies that rollback reduced enrollment by 12.3

percentage points in full-Prospera localities, relative to an overall enrollment rate of 73%.

As in the pooled sample, estimates for boys are smaller at earlier ages. The corresponding

effect for boys ages 12-14 is 6.1 percentage points, relative to an an enrollment rate of 93%;

that for boys ages 6-11 is 1.9 percentage points, relative to an enrollment rate of 99%.

Panel C of Table 1 turns to girls, for whom all estimates of β are negative but small and

not significantly different from zero. The largest is for girls ages 15-17: -0.054 (p = 0.14),

less than half the corresponding estimate for boys. The difference in effects between high-

school-aged boys and girls is significantly different from zero only at the 12% level, however.

Overall, the negative enrollment effects of rollback appear to be largest for boys and at high

school ages, but we cannot reject moderate effects for high-school-aged girls.

15



4.2 Specification Checks

Figure 2 and Table 1 suggest that the rollback of Prospera had large negative effects on school

enrollment, principally among boys, principally at high school ages. This section examines

the sensitivity of our main results. Figure 3 reports point estimates of β in a number

of alternative regression specifications that address potential threats to identification. We

estimate each alternative regression nine times: for the pooled sample, for boys, and for girls

in each of the three age groups. For comparison, the first row shows our baseline estimates

from Table 1: based on the regression specification with state-quarter fixed effects (SQ),

using our main sample, which omits cities over 100,000 population.

The remaining rows consider perturbations to our main estimations. First, we assess

whether our difference-in-differences estimates are sensitive to the specific parallel trends as-

sumption we impose. Our main specification includes state-time fixed effects, thus requiring

parallel trends within states but not between them. We alternatively estimate regressions

with un-interacted time fixed effects or with municipality-time fixed effects, which respec-

tively require nationwide parallel trends or within-municipality parallel trends. Second, we

include covariates to control for individual characteristics. Third, we further probe the paral-

lel trends assumption by allowing time fixed effects to vary by the municipality’s or locality’s

percentile rank in the distribution of the marginalization index, a census-based measure of

area disadvantage. Specifically, we interact the state-time indicators with percentile bin in-

dicators. Fourth, we allow for linear differential trends by including an interaction between

the Prospera share and a linear term in time. Finally, we estimate the original regression

specification in an expanded sample that includes large cities.

Beginning with the sensitivity of the results for 15-17 year olds, Figure 3 demonstrates

that for boys, the numerous specification checks do not appreciably change the point esti-

mate or significance level. Every one of the alternative specifications implies a negative and

significant (p < 0.05) impact of rollback on enrollment of at least 10 percentage points. For

girls aged 15-17, where our main specification suggested negative but insignificant impacts

of rollback, the robustness tests paint a more nuanced picture. While the majority of the

alternative specifications find statistically insignificant effects, the estimated coefficients are
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all negative, and several are statistically significant and comparable in magnitude to the

boys’ results. The evidence thus suggests possible effects for girls in this age group, but

results are sensitive to the specification and less robust than the results for boys.

Our main results also indicated negative effects of rollback on enrollment for boys ages

12-14 and 6-11, which were significant for the former group and marginally significant for

the latter. However, the specification checks for these age groups suggest that the results are

not robust. Most strikingly, specifications controlling for differential linear time trends or for

area marginalization interactions fail to find significant impacts of rollback on enrollment.

For boys ages 6-11, five out of eight estimated coefficients are statistically insignificant; for

boys ages 12-14, three out of eight are insignificant. We consider the enrollment impacts

for boys in these age groups insufficiently robust to alternative specifications. Specification

checks for enrollment effects for girls 12-14 and 6-11 confirm our main results, which showed

no significant impact of rollback on enrollment in either group.

To probe the roles of specific states in these results, Appendix Figure A5 repeats our main

specification omitting one state at a time. For all three age groups and for both genders,

the results are remarkably consistent across all 32 states. The only notable exceptions are

the estimations for 6-11 and 12-14 year-olds excluding the state of Chiapas. These estimates

are smaller and markedly less significant than the corresponding full-sample results from the

main regression specification. However, the results from Figure 3 already led us to conclude

that effects in these age groups are not robust.

Callaway et al. (2024) demonstrate that under strong parallel trends, our regression

model identifies an average causal response to locality Prospera penetration, albeit with

unintuitive weighting. A more comprehensible alternative is the average effect of rollback

on localities that formerly had full Prospera penetration. Our regression model identifies

this quantity only under linearity. To relax the linearity assumption, we generate a binned

version of the beneficiary share with bins in increments of 0.1: [0, 0.1), [0.1, 0.2), · · · [0.9, 1.0),

and a final category for values greater than or equal to 1. Values strictly greater than 1 are

due to population growth between the census in 2010 and Prospera measurement in 2017.

As such, we consider the top category to reflect full Prospera penetration. We estimate a

semiparametric version of equation 1 that includes bin indicators and their interactions with

17



indicators for the 2018-19 and 2019-20 school years.

Appendix Figure A6 reports the semiparametric results, finding that the effects of roll-

back are concentrated in the localities that were most saturated with Prospera. Comparing

full-penetration localities with the lowest-penetration localities over time, we estimate that

rollback reduced enrollment by 12 percentage points among 15-17 year-olds overall, and by

18 percentage points among 15-17 year-old boys, with both estimates statistically significant

at the 1% level. These quantities are somewhat larger than the rollback effects implied by

the continuous specification: 9 percentage points overall and 12 percentage points for boys

only. We conclude that our continuous specification provides a conservative estimate of full

rollback effects.

The analyses so far use the share of households receiving benefits to measure Prospera

penetration, but the program administrative data also allow calculation of benefits per house-

hold, an alternative measure. Appendix Figures A7 and A8 re-estimate the results of Figures

2 and 3 defining Prosperals as 2017 benefits per household (in thousands of pesos) rather

than the beneficiary share. This alternative measure of program intensity reduces measure-

ment error due to variation in the sizes of transfers received by different types of beneficiary

households, but it is more directly endogenous to schooling choice and household structure in

the pre-rollback period. It also eludes an intuitive binary characterization of rollback effects.

Appendix Figures A7 and A8 broadly confirm the earlier results, with somewhat stronger

results for high-school-aged girls. The event studies in Appendix Figure A7 show that the

high school enrollment gap between high- and low-Prospera localities widened significantly

in the fall of 2019. And the difference-in-differences estimations in Appendix Figure A8 now

find significant rollback effects for both boys and girls of high school age across all regression

specifications. Estimation of equation (1) now finds β to be -0.013 for boys (p < 0.01) and

-0.007 for girls (p = 0.04). These magnitudes suggest that reducing Prospera transfers by

1,000 pesos per month per household causes 13 dropouts per thousand boys and 7 dropouts

per thousand girls. Appendix Figure A2 found that localities with full Prospera penetration

received roughly 10,000 pesos per household per month in 2017, implying that rollback causes

13% of boys and 7% of girls to drop out in fully-penetrated localities. The magnitudes are

similar to our main estimates, but the results for girls have smaller p-values.
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The specification checks consistently find that rollback caused a large share of high-

school-aged boys to drop out of school in communities where Prospera was widespread. They

also find suggestive evidence of a dropout response among high-school-aged girls, albeit less

consistently. Estimates at middle and primary school ages are smaller and less robust. Given

these findings, we focus on high school ages for all remaining analyses. We continue to study

impacts for girls, given possible effects on their labor supply and time use. However, because

the results so far suggest considerable gender differences in rollback impacts, we carry out

all remaining analyses separately by gender.

4.3 Accounting for Other Policy Changes

Other policy changes coincided with rollback. The government rolled out Prospera’s replace-

ment BBJ and a program incentivizing apprenticeships for young adults, and it rolled back

a major health insurance scheme. We extend our analysis to account for BBJ penetration

and describe why the other changes do not affect the interpretation of our results.

If BBJ mitigated the negative effect of Prospera rollback, then our estimates may un-

derstate the extent to which Prospera boosted school enrollment until its demise. As doc-

umented in Section 2, 2019 BBJ spending approached 2017 Prospera spending, but with

substantial declines in progressivity. Outside the least marginalized localities, transfers per

household were substantially lower under BBJ than Prospera. In our main sample, 72% of

children live in localities that received less from BBJ in 2019 than from Prospera in 2017.

Even so, the BBJ transfers might have mitigated the effect of Prospera rollback.

We explore this hypothesis by adding BBJ penetration and associated time interactions

to equation (1):

yilst = αPProsperals + γPProsperals12018/19 + βPProsperals12019/20

+ αBBBJls + γBBBJls12018/19 + βBBBJls12019/20 + τst + ϵilst

(3)

where the new covariate, BBJls, is 2019 BBJ penetration, measured using benefits per

household (in thousands of pesos per month). BBJ penetration cannot be measured as

a share because the program disburses grants to both households and teenagers, and the
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two are not easily linked. Prosperals is 2017 Prospera penetration, measured either using

the share of households receiving benefits (as in our standard approach) or using benefits

per household (to match the BBJ measure). As in equation (1), the regression includes

state-quarter fixed effects.

The BBJ interaction controls for differential changes in school enrollment between local-

ities with high and low BBJ penetration in the first year. To the extent that localities with

high and low BBJ penetration would have followed parallel trends in the absence of BBJ

rollout, the coefficient also provides an estimate of the early effect of BBJ. However, the

goal is not to evaluate BBJ, which was in the early stages of rollout, but instead to assess

whether accounting for its rollout alters the estimated effects of Prospera rollback.

Results for 15-17 year-olds appear in Table 2, with boys in Panel A and girls in Panel B.

Neither gender shows evidence of BBJ boosting school enrollment, nor of BBJ rollout pat-

terns explaining the estimated effect of Prospera rollback. Column (1) repeats our benchmark

school enrollment estimations, as previously reported in Table 1. Column (2) augments this

specification by including BBJ benefits per household and associated interactions. Including

the BBJ interaction slightly shrinks the estimate of β for boys, from -12.3 percentage points

to -10.9 for ages 15-17. The interaction of BBJ penetration with the 2019-20 indicator has

a small, negative coefficient. Localities receiving more BBJ benefits experienced relative de-

clines in enrollment, although this result is not always statistically significant. This striking

finding suggests that BBJ expenditures did not boost enrollment.

Columns (3)-(4) redo the exercise using Prospera benefits per household, allowing us to

more directly compare the impacts of Prospera spending with the impacts of BBJ spending.

Here again, the estimated effects of rollback are not sensitive to controlling for BBJ rollout.

Cuts to Prospera of 1,000 pesos per household per month reduce boys’ enrollment by 1.1 and

1.3 percentage points, respectively, in the specifications with and without BBJ interactions.

The same cuts reduce girls’ enrollment by 0.7 percentage points, irrespective of the specifi-

cation. That the effect on girls’ enrollment is significant when we use benefits but not when

we use shares matches results from Appendix Figure A8, as we discussed in Section 4.2.

In summary, our analysis suggests that the BBJ program, despite spending a similar

amount to Prospera, had no mitigating effect on school enrollment in its first year. The lack

20



of an effect likely reflects the drastic reduction in progressivity relative to Prospera. BBJ

spent a great deal of money in relatively affluent localities, apparently with little benefit for

school enrollment. The lack of an effect may also be attributable to BBJ’s program structure,

which paid youth rather than their parents and reduced incentives for being in school. Our

finding that BBJ failed to raise school enrollment is consistent with analysis by CONEVAL

(2024). It is also consistent with Dustan’s 2020 finding that Prepa Sí, a predecessor to the

high school component of BBJ in Mexico City, failed to raise high school enrollment.

Finally, we address two other significant policy changes under López Obrador. A first

was the creation in 2019 of the new Jóvenes Construyendo el Futuro national-level program,

which provided monthly grants linked to participating in a one-year internship for youth

ages 18-29 who neither study nor work (CONEVAL (2020b)). Our study concentrates on

youth up to age 17, who are therefore not eligible for this program. Jóvenes Construyendo

el Futuro is unlikely to distort education decisions for those too young to be eligible because

participation in Jóvenes Construyendo el Futuro does not depend on previous schooling or

labor market history.12

A second policy change was the rollback of the Seguro Popular program, which provided

health insurance to individuals in the informal sector, with 110 million beneficiaries (42%

of the Mexican population) at the time of rollback (Knaul et al., 2023). The new Health

Institute for Welfare (INSABI) replaced it on January 1, 2020 (Knaul et al. (2023)). While

most Seguro Popular beneficiaries were adults, the loss of health insurance by adults could

plausibly affect the education and work decisions of youth in their households. Our analysis

uses data through the first quarter of 2020, and excluding the first quarter of 2020 (i.e.,

before the rollback of Seguro Popular) does not significantly alter our results. We conclude

that these policy changes are unlikely to have affected our results.

4.4 Assessing Selectivity

Rollback could have influenced the composition of the sample, a concern for internal validity.

Children begin leaving their parents’ homes during their teenage years, and both they and

their parents may adjust their migration decisions in response to rollback. Virtually all
12Furthermore, Section 6 reports that rollback did not raise the share neither studying nor working.
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primary-school-aged children live with a parent or guardian, but the share falls to 98% for

boys and 94% for girls by age 17 (Appendix Figure A9). Patterns of attrition from the

5-wave rotating panel are somewhat different, with younger children more likely to leave the

panel early (Appendix Figure A10). This surprising result reflects the higher propensity of

households to attrit when their children are young.13 At high school ages, the round-to-round

attrition rate is 3% for both boys and girls.

Rates of home-leaving and attrition are not large, but they still raise an identification

concern. If rollback affects either, then the sample will be selected on the policy change of

interest, and the effect estimate may be biased. To assess this possibility, we estimate the

effect of rollback on attrition and co-residence with a parent or guardian using the difference-

in-differences specification of equation 1. We examine attrition by entire households and by

individuals irrespective of their households.14

Appendix Table A2 reports estimates of the effect of rollback on attrition and parental

co-residence for boys and girls aged 15-17. The results reveal no evidence of endogenous

sample selection. Across all six regressions (household attrition, individual attrition, and

co-residence, for boys and girls), all point estimates are smaller than their standard errors.

All 95% confidence intervals exclude effects exceeding 3 percentage points in either direction.

4.5 Assessing Heterogeneity

We now turn to an analysis of heterogeneity in the effect of rollback on enrollment, focusing

again on 15-17 year-olds by gender. Prospera’s program design predicts specific forms of

effect heterogeneity. First, the program was means-tested, implying larger effects in poorer

households. We do not observe poverty status, so we instead split the sample on the house-

hold head’s education. Insofar as the head’s education level can proxy for the household’s

economic status, we expect larger effects for households with less-educated heads. Second,

the program was geographically targeted toward rural, high-marginality localities. Although

one might intuit larger effects in targeted areas, the locality Prospera share already incor-
13The ENOE does not track households if they leave the community where they resided in the baseline

panel wave, so attrition is a proxy for migration.
14Attrition is defined only for the first four rounds of the rotating panel, and only through the fall of 2019.
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porates geographic targeting. The causal response to the Prospera share may not differ

between localities with low and high shares. On the one hand, the binned estimates in

Appendix Figure A6 did suggest non-linearities favoring fully-penetrated localities. On the

other hand, Figure 3 found that effect estimates for 15-17 year-olds grew after conditioning

on marginality-by-quarter interactions.

Table 3 displays enrollment impacts by the household head’s education level, locality pop-

ulation, and locality marginalization. For boys (Panel A), we find the expected household-

level heterogeneity but no clear locality-level heterogeneity. For girls (Panel B), we find no

evidence of heterogeneity.

In Panel A, columns (1)-(2) show that the impacts of rollback on boys are concentrated in

households with less educated heads, consistent with the means testing of the program. Boys

from households with heads who completed primary or less (47% of the sample) experienced

an 18 percentage point reduction in school enrollment due to full rollback, a decline of almost

30% with respect to pre-rollback enrollment of 62%. Impacts for youth from more educated

households are smaller and statistically insignificant, though still negative. The estimates in

columns (1) and (2) are significantly different at the 6% level.

Continuing in Panel A, columns (3)-(4) show similar impacts of rollback on boys in

rural localities (less than 2,500 inhabitants) and non-rural localities. Full rollback reduced

enrollment by 15 percentage points in rural areas and 18 percentage points in non-rural

areas. In percentage terms, these reductions look even more similar, as they correspond to

a 22% decline in rural localities and a 24% decline in non-rural localities.15

Completing Panel A, columns (5)-(6) indicate similar program impacts for boys in locali-

ties with higher and lower marginalization, the official measure of area poverty used in Figure

1. Enrollment reductions are 15 percentage points for boys living in higher-marginalization

localities and 14 percentage points for their counterparts in lower-marginalization localities.

The effect is not statistically different from zero in the latter group, but this lack of signifi-

cance reflects a larger standard error, not a substantively smaller point estimate. Even with

these similar estimates of β, however, higher-marginality localities had much higher Prospera

shares and therefore experienced a larger dose of rollback. In this sense, rollback did have
15Since we exclude localities with over 100,000 inhabitants, non-rural implies a population of 2,500-100,000.
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larger impacts in the most disadvantaged localities.

Panel B of Table 3 reports heterogeneity results for girls ages 15-17. By mother’s level

of education, we find no significant impacts of rollback in either category (columns [1]-

[2]). However, disaggregating by locality size or marginalization suggests that girls living

in rural or poor localities experienced significant effects of rollback, on the order of 10-12

percentage points (columns [3] and [5]). These significant results do not signal treatment

effect heterogeneity; the point estimates for non-rural or non-poor localities are similar, with

larger standard errors (columns [4] and [6]). Instead, columns (3)-(6) suggest that one can

find large effects on girls if one conditions sufficiently on area disadvantage. This same

insight emerged from Figure 3’s regression with locality marginalization interactions, which

similarly found a large and significant estimate for high-school-aged girls.

5 Effects of Rollback on Teenage Labor Supply

School and work may be substitutes (Ravallion and Wodon, 2001), and indeed, early studies

of Prospera’s initial effects found significant reductions in labor market participation, mainly

in boys (Skoufias and Parker, 2001). The results so far suggest pronounced impacts on

teenage boys’ school enrollment. If these boys work when they drop out of school, then high

opportunity costs of schooling may explain the enrollment impacts of Prospera rollback on

teenage boys. This perspective is consistent with the findings of Atkin (2016), who shows

that the high opportunity cost of schooling for this specific demographic group makes it

particularly sensitive to changes in school-work trade-offs.

Patterns of school and work by age confirm that the trade-off between the two uses of time

are likely to be most pronounced for teenage boys. Appendix Figure A11 displays school

and employment by age in our sample, demonstrating near-universal school enrollment,

above 95% for both boys and girls, until about age 12, when enrollment starts to decline

continuously, reaching about 65% by age 17. Boys have higher employment rates at all ages

than girls. About 10% of boys work at age 12, rising to over 40% by age 17. For girls,

employment rates are about 3% at age 12 and nearly 20% by age 17.16

16The ENOE work definition includes agricultural and unpaid work outside the home but not domestic
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We estimate effects on labor supply and other time use for the principally-affected age

group: teenagers of high school age, 15-17. Our main interest is boys, given their pronounced

dropout responses to rollback. But given the mixed evidence on girls, we report results for

both genders. We first analyze labor supply outcomes: participation, hours, and income.17

We then turn to other uses of time, which may be particularly important for girls, who are

more involved than boys in household tasks.

We first estimate event studies based on equation (2). The results, reported in Figure 4,

suggest that rollback raised boys’ but not girls’ labor supply. Pre-rollback trends appear rel-

atively parallel between high- and low-penetration localities for both genders. After rollback,

however, boys in high-penetration localities display a large relative upswing in employment,

hours, and earnings. The winter 2020 coefficient is significantly positive for employment at

the 7% level, for hours at the 5% level, and for income at the 1% level. For girls, all event

studies are flat.

Difference-in-differences estimations based on equation (1) summarize the event studies

and increase power by pooling quarters. As reported in Table 4, these summary estimates

indicate significant impacts on boys’ labor supply but not girls’. Under strong parallel trends

and linearity, they imply that full rollback increased teenage boys’ probability of working by

8 percentage points (p = 0.02), 22% of the mean of 35%. Unconditional hours worked rose

by 4.7 hours per week (p < 0.01), 41% of the mean of 11 hours per week. Earnings rose by

455 pesos per month (p < 0.01), 72% of the mean of 629. The hours and earnings effects

imply a wage rate of 22 pesos per hour, slightly more than 2 US Dollars at 2017 PPPs.

The average increase in boys’ earnings was insufficient to recover the benefits lost to

rollback, but boys who took on work may have made back more than their households

lost. According to Appendix Figure A2, the average household in a fully penetrated locality

received approximately 10,000 pesos in benefits in 2017. According to Appendix Table A1,

a high-school-aged boy received approximately 900 pesos per month in school, with some

variation by grade, or approximately 9,000 pesos over the year. Full rollback raised average

earnings by 5,460 pesos on an annualized basis, too little to make back these amounts.

work. The labor market questions are applied only to children age 12 and over.
17Due to the large number of zeros, we analyze income in levels rather than logs. At ages 15-17, 79% of

boys and 92% of girls have no earnings.
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However, if earnings growth were entirely on the extensive margin and therefore concentrated

in the 7.8% of boys who started working, then these boys would have earned 70,000 pesos a

year due to rollback, well in excess of any lost benefits. Some of the earnings growth likely

occurred on the intensive margin, but this thought experiment clarifies that work by teenage

boys likely recouped lost benefits for some families.

For girls, we observe no statistically significant effects of rollback on any of the outcomes

in Table 4. However, especially for girls, school and work do not capture the full spectrum

of time use activities. The ENOE’s time use module allows us to explore whether time

use responded to rollback in other ways besides enrollment and labor supply data. Four

categories of time use exceed 30 minutes per week on average for high-school-aged boys and

girls: study, chores, household administration like shopping or accounting, and unpaid care.

On average, girls and boys spend similar time studying, but girls devote 156% more time

to chores, 62% more time to household administration, and 474% more time to unpaid care

(Appendix Table A3).

Appendix Table A3 uses equation 1 to estimate effects on hours devoted to these major

non-labor activities for high-school-aged boys and girls. The results uncover no new effects.

Boys’ study time declines by 2.7 hours (p = 0.051) on average, amounting to 58% of the

increase in labor hours documented in Table 4. Otherwise, we find no other significant effects

on non-labor time use. Despite suggestive evidence of enrollment impacts for younger boys

and for high-school-aged girls, rollback was most consequential for high-school-aged boys.

6 How Costly Is Dropout For Teenage Boys?

How costly will these school-to-work transitions be over the lifetimes of affected boys? One

premise for CCTs is that schooling is worthwhile, but families are liquidity-constrained and

struggle to finance their children’s studies. In this view, the dropout we observe is inefficient;

the boys who left school as a result of rollback would have been better off staying in school

with a loan to finance it. However, perhaps Prospera had been inefficiently subsidizing

teenage boys’ education, keeping them in school despite negligible returns. The crux of the

question is whether the value of high school exceeds the value of the earnings and work
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experience that these boys would give up to go to high school.18

In principle, one could eventually study these issues in a long-term follow-up of the cohort

affected by rollback. However, the COVID pandemic may complicate long-term comparisons,

and large Mexican datasets do not currently provide detailed histories on the locality of

residence. We build evidence on these issues by further probing school and work impacts in

teenage boys, and by examining the observational trade-off between work and school.

6.1 More Evidence on Labor Supply Effects for Teenage Boys

We estimate effects of rollback on two more detailed aspects of the school and work outcomes

of boys ages 15-17. First, we consider the joint distribution of school and work, asking

whether dropout led to idleness in some boys. Second, we consider the sectoral composition

of rollout-attributable employment growth, with an eye toward whether the relevant sectors

provide opportunities for the wages of high school dropouts to keep up with those of high

school graduates, for example through the returns to experience.

As in many Latin American countries, a large number of Mexican youth neither work nor

study (De Hoyos et al., 2016). Any effect of rollback on this circumstance, which presumably

has no remuneration nor experience return, would push against arguments about efficient

dropout. Indeed, Tables 1 and 4 revealed a larger enrollment response than employment

response among teenage boys, suggesting a possible increase in idleness. In the Appendix,

we probe this result further by estimating the effects of rollback on particular work-school

combinations: study without work, study with work, work without study, and the absence

of both. We generate an indicator for each combination and estimate its response to rollback

using equation (1).

Appendix Table A4 reports estimated effects on each work-school combination, with

results indicating a large impact on exclusive employment and none on idleness. Exclusive

work rose by 14 percentage points (p < 0.01) in full-rollback relative to no-rollback localities,

while idleness did not change significantly, with a point estimate of -1 percentage points.

Meanwhile, exclusive study fell by 7 percentage points (p = 0.049), and combined work and

study fell by 6 percentage points (p = 0.01). The estimated impact on exclusive work is larger
18This framing sidesteps the value of cash to the poor, which we consider outside the scope of this paper.
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than the estimated impact on employment, reported in Table 4. Thus, rollback pushed both

working and non-working students into working exclusively. In principle, exclusive work of

this sort has the potential to generate human capital through experience.

The sector of employment may also offer clues into the scope for dropouts to keep up with

graduates. Table 5 assigns jobs to sectors using three categorizations: formality, industry,

and occupation. We use equation (1) to estimate the effect of rollback on the probability of

having a job in each sector. We do not condition on working, so we expect positive effects

in possibly multiple sectors. A larger positive coefficient for a given sector implies that it

accounts for a larger share of the rise in employment.

Panel A of Table 5 breaks down the employment effects by formality, finding a larger

effect in the informal sector. The share of 15-17 year-old boys working in formal jobs rose by

1.5 percentage points in full-rollback compared to no-rollback localities (p < 0.01), relative to

a sample-wide share of 1%. The share working in the informal sector rose by 6.2 percentage

points (p = 0.06), relative to a sample-wide share of 34%. These estimates imply that

roughly 4 in 5 new jobs were informal. Most workers in this demographic group have informal

jobs, so the employment response to rollback was concentrated in the informal sector. In

observational data, the returns to experience tend to be higher in formal than informal jobs

(World Bank, 2019), a pattern confirmed in a structural model estimated using Mexican

data (Bobba et al., 2021). The larger effects on informal jobs may limit the scope for human

capital in the form of experience.

Nevertheless, the industry and occupation results in Panels B and C suggest that affected

boys took on jobs in industries and occupations that turn out to have higher returns to

experience. Panel B looks at industry, including the five major industry groups defined in

the ENOE. The share working in construction rose by 3.8 percentage points (p = 0.02), in

commerce by 2.4 percentage points (p = 0.04), and in services by 1.8 percentage points (p =

0.09). We find no significant effects on the shares working in manufacturing or agriculture.

Panel C’s breakdown by occupation leads to similar results. The Mexican occupational

classification has ten categories; we focus on the four that account for 97% of our sample. The

share working in an industrial occupation rose by 5.6 percentage points (p < 0.01), relative

to a sample-wide share of 10 percentage points. The estimated effects on employment as
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a merchant, a personal services worker, or an agricultural worker are close to zero and

statistically insignificant.

The results for agriculture in Panels B and C are striking. Agriculture is the most common

industry and occupation in our sample, accounting for nearly half of jobs among 15-17 year-

old boys.19 However, when rollback pushed boys out of school and into work, none selected

into agriculture. Agriculture has shallow experience-wage profiles (Islam et al., 2018), so

in this sense, rollback dropouts selected into industries and occupations that afford more

opportunity for keeping up with high school graduates.

6.2 Observational Evidence on the School-Work Trade-off

For further insight into the relative return to high school versus teenage work experience

across sectors, we provide observational evidence on adult male workers in the ENOE. We

use the same localities and survey waves as the main sample, but we now focus on men aged

20-49 who are not in school, work at least 30 hours per week, and have positive labor income.

We analyze mean hourly earnings by 5-year age group, comparing men who finished high

school but went no further to men who finished middle school but not high school.

Wage differences between these groups by age speak to the relative labor market returns

to high school over teenage work experience at different stages in the life cycle. Appendix

Figure A12 plots mean hourly earnings by age group for each group, finding that high school

graduate wages exceed high school dropout wages at every age, with wider gaps at older ages.

Graduates outearn dropouts by 3% at ages 20-24 and 29% at ages 40-45. These comparisons

are observational, so they raise the usual concerns about selection into education level. The

largely cross-sectional differences across ages may also confuse cohort effects with age effects.

Nevertheless, the widening gaps suggest that boys contemplating dropout may need to wait

a number of years before a high school degree pays off.

These overall wage gaps reflect both inter- and intra-industry differences in the wages of

graduates and dropouts. Given the previous section’s results on the industrial composition

of the employment effects, we take special interest in these industry patterns.20 Figure 5
19The industry and occupation shares in Table 5 are not conditioned on working. Agriculture accounts

for 47% of jobs worked by 15-17 year-old boys, using either the industry or occupation classification.
20We focus on industry rather than occupation because the former has fewer categories in the ENOE,
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divides the sample into the five major industry groups. Panel A plots the mean hourly

earnings of graduates and dropouts across age groups by industry. Panel B plots the share

of workers from each age group who work in each industry.

The industry shares in Panel B of Figure 5 make clear that industry selection is a major

contributor to graduate-dropout wage gaps. Compared to dropouts, graduates are 6-12

percentage points more likely to work in services, depending on the age group, and 8-11

percentage points less likely to work in agriculture. Services jobs pay more than agricultural

jobs, with a 20-53% wage premium even among dropouts.

Within industries, graduate-dropout wage gaps over the life cycle start small but grow

with age. At ages 20-24, graduates average 2% more than dropouts in the same industry; at

ages 40-44, they average 21% more. Disaggregating by industry in this way introduces a sec-

ond margin of selection, since dropouts and graduates may differentially sort into industries

on unobservable characteristics. But the within-industry results confirm the sample-wide

pattern that graduate-dropout wage gaps are small in the 20s and large in the 40s. This

pattern is most pronounced in construction and commerce, the industries that account for

the most rollback-attributable jobs. In both of these industries, graduates do not outearn

dropouts at ages 20-24. But just as in other industries, gaps emerge with age, reaching 10%

in construction and 21% in commerce at ages 40-44.

The results by industry clarify the decision problem facing teenage boys on the margin of

dropout. Suppose first that they plan to stay in the same industry their entire careers. Those

planning careers in construction or commerce can expect to see no wage benefit from staying

in school for at least a decade, at least based on Figure 5’s average wage variation. The

fixed industry assumption may seem implausible, but the logic holds if we relax it too. At

ages 20-24, the average wage for dropouts working in construction exceeds the average wage

for graduates working in every industry but services. Relative to this option, opportunities

for earning substantially more as a graduate emerge only in the mid-30s, principally in

construction, manufacturing, and services. These inferences are subject to critiques about

selection bias, but if a boy considering dropout looks around himself, he may not see much

near-term benefit to staying in school. The payoffs in middle age appear substantial, but

allowing for a more succinct description of patterns across sectors.
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they are a long way off. For liquidity-constrained or present-biased boys, dropping out and

working in construction may be very attractive.

6.3 Summary

Overall, the results suggest that rollback pushed teenage boys into work that is as lucrative

as high school in the short but not long run. Boys who dropped out of school due to rollback

predominantly worked informal construction jobs, which pay at least as well as most jobs for

high-school graduates through the mid-30s. Rollback did not expand the ranks of Mexico’s

ninis, who neither study nor work.

Conditional cash transfers may boost schooling by relieving liquidity constraints or re-

solving present bias (Progresa, 1997). The effects of rolling back Prospera are consistent

with this view, in the sense that rollback led teenage boys to forgo far-off schooling returns.

Arguably, this circumstance is a classic setting for government intervention.

7 Conclusions

The Mexican government unexpectedly rolled back its pioneering CCT program after more

than two decades of successful operation. The episode was part of a wave of social program

retrenchment occurring under populist leadership in many countries. Over its more than two

decades of operation, Mexico’s program had demonstrated clear and accumulating positive

impacts on educational attainment. While the program’s initial effects were concentrated

in middle school, impacts spread to the high school level as education levels increased in

Mexico (Parker and Vogl, 2023), suggesting the program’s adaptation to changing conditions.

However, up-to-date program effectiveness estimates for the current generation of child and

youth beneficiaries were lacking on the eve of rollback.

We study the effects of rollback on school enrollment and teenage work in its immediate

aftermath. We find that rollback led to significant declines in school enrollment, principally

for high-school-aged youth, whose enrollment rates are lower and employment rates higher.

Our benchmark estimates indicate that in communities with full program penetration in the

lead-up to rollback, the cessation of benefits decreased school enrollment by 9 percentage
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points among high-school-aged youth, relative to an overall enrollment rate of 73 percent.

Semi-parametric estimations suggest that this benchmark magnitude is conservative. Even

so, this negative effect of rollback is larger than the corresponding positive effect of rollout

found in early program evaluations (Schultz, 2004), albeit at different schooling levels.

The estimated effect is larger for boys than girls. For boys ages 15-17, the 12 percentage

point decline in enrollment corresponds to 17% of average enrollment. The decline grows

to 18 percentage points, or 29% of average enrollment, among boys from disadvantaged

households. For girls ages 15-17, estimates are smaller and not consistently different from

zero, although we do see significant effects in particular subsamples or using particular

alternative regression specifications. Prospera provided larger transfers to girls, so that one

might expect rollback to have had larger effects on girls, which is the opposite of what we

observe. Perhaps the program’s preferential treatment of girls shielded them from rollback

by improving beneficiary families’ attitudes towards their education.

But work opportunities more clearly play a role in the gender heterogeneity. Teenage boys

are more likely to work outside of the home than teenage girls, and rising work accompanied

boys’ falling enrollment, with more than 1 job added for every 2 dropouts.21 Our descriptive

exploration of the school-work trade-off suggests large returns to completing high school for

boys on the margin of dropping out, but they may not materialize until middle age. These

findings suggest that liquidity constraints or present bias may explain the sharp drop in

enrollment for teenage boys after rollback. Exploring these mechanisms using a structural

model, as in Todd and Wolpin (2006) and Attanasio et al. (2012), would likely be fruitful

but requires more detailed data on program payments and household demographic structure

than are currently available.

Overall, our analysis suggests large and important costs of rollback to educational at-

tainment in children of former Prospera households, especially marginal high school stu-

dents. Our results are particularly striking because they are net of the implementation of

a substitute program. The substitute, BBJ, was implemented within months of Prospera’s

rollback and in fact spent a comparable amount in 2019 to Prospera in 2017. However, we
21In Mexico as across the globe, mounting evidence indicates that females outperform males in high school

and above (UNESCO, 2022).
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demonstrate that the transition to BBJ drastically reduced benefit payments in Prospera

communities, and we find little evidence that the new program boosted enrollment. At least

in the pre-pandemic period we study, the new program moved resources away from the poor,

rural communities at the center of Prospera, with little apparent benefit. One might have

predicted this outcome based on the evidence of the success of Prospera’s rollout (Parker

and Todd, 2017) and the failure of BBJ’s prototype in Mexico City (Dustan, 2020). But

social program retrenchment often occurs without careful regard for evidence, making it all

the more important to evaluate rollback episodes.

Our findings provide critical and timely new empirical evidence to inform the design

and continuation of CCT programs in Mexico and the rest of the world, more than two

decades after their original creation. Conditional cash transfer programs have a credible and

large body of evidence on short and medium run effects, and evidence is just beginning to

accumulate on the positive effects of CCTs in the longer run (Molina Millán et al., 2020;

Araujo and Macours, 2021; Parker and Vogl, 2023; Barham et al., 2024). Our results suggest

that the sudden ending or reversal of these programs can quickly erase progress. They also

provide a cautionary tale on the perils of substituting a new untested program for one where

two decades of rigorous evidence had suggested positive impacts.
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Figure 1: Program penetration by locality marginalization
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Note: Sample includes localities with at least 100 residents, which contain 98% of the Mexican population.
Beneficiary data are from program administrative records; household counts are from ITER;
marginalization data are from CONAPO. Prospera data are for the last non-electoral year preceding
rollback, 2017; Becas Benito Juárez data are for the first year of operation, 2019. Household counts and
marginalization are for 2010, the most recent census preceding the rollback of Prospera. Some localities
have beneficiary shares above 100 due to population growth since the most recent census.

37



Figure 2: Event studies for school enrollment, by age group and gender
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Note: Point estimates and 95% confidence intervals, based on standard errors clustered by locality. All
regressions include the Prospera share and state-by-quarter fixed effects. Sample excludes summers and
localities with more than 100,000 residents.
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Figure 3: Effect of rollback on school enrollment: alternative regression specifications
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Note: Point estimates and 95% confidence intervals, based on standard errors clustered by locality. All
regressions include the Prospera share, its interaction with the 2018-19 indicator, and state-by-quarter
fixed effects. Sample excludes summers. Individual covariates include child sex, child age, the household
head’s education level, an indicator for the mother being present in the household, and the mother’s age
group, marital status, education level, and literacy if she is present. In the “marginalization interaction”
regressions, we interact quarter indicators with indicators for single-percentile bins of the municipality or
locality marginalization index. In the “time trend × Prospera” regressions, we interact a linear time trend
with the Prospera share. In the “big cities” regressions, we estimate the baseline model in an expanded
sample that includes cities with populations over 100,000.
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Figure 4: Event studies for labor supply, ages 15-17, by gender

-.1

0

.1

.2

-10

-5

0

5

10

-500

0

500

1000

-.1

-.05

0

.05

.1

-4

-2

0

2

4

-200

-100

0

100

200

SP
18

FA
19

SP
18

FA
19

SP
18

FA
19

Boys: Employment Boys: Weekly hours Boys: Monthly earnings

Girls: Employment Girls: Weekly hours Girls: Monthly earnings

   
   

  E
ve

nt
 s

tu
dy

 c
oe

ffi
ci

en
t

        Quarter

Note: Point estimates and 95% confidence intervals, based on standard errors clustered by locality. All
regressions include the Prospera share and state-by-quarter fixed effects. Sample excludes summers and
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Figure 5: Age profiles of men’s hourly earnings by industry and highest completed schooling
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Note: Mean hourly earnings among male workers who completed middle school but not high school or left
school after completing high school. Sample includes men who are not enrolled in school, work at least 30
hours per week, and have nonzero labor earnings. Sample excludes summers and localities with more than
100,000 residents.
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Table 1: Effect of rollback on school enrollment, by age group and gender

Ages 6-11 Ages 12-14 Ages 15-17

(1) (2) (3)

A. All
Prospera share -0.005* -0.062*** -0.233***

[0.002] [0.007] [0.014]

Prospera share × 2018-19 -0.003 -0.017 -0.011
[0.005] [0.014] [0.026]

Prospera share × 2019-20 -0.013** -0.036** -0.089***
[0.006] [0.018] [0.028]

Dependent variable mean 0.987 0.936 0.731

N 351,505 177,985 174,998

B. Boys
Prospera share -0.004 -0.053*** -0.201***

[0.003] [0.009] [0.017]

Prospera share × 2018-19 -0.001 -0.030* -0.033
[0.006] [0.018] [0.031]

Prospera share × 2019-20 -0.019* -0.061*** -0.123***
[0.011] [0.023] [0.036]

Dependent variable mean 0.986 0.932 0.725

N 179,266 90,341 89,275

C. Girls
Prospera share -0.005* -0.071*** -0.268***

[0.003] [0.010] [0.017]

Prospera share × 2018-19 -0.006 -0.004 0.012
[0.006] [0.019] [0.033]

Prospera share × 2019-20 -0.005 -0.009 -0.054
[0.006] [0.023] [0.036]

Dependent variable mean 0.988 0.941 0.737

N 172,239 87,644 85,723
Note: Brackets contain standard errors clustered by locality. All regressions include state-by-quarter fixed
effects. Sample excludes summers and localities with more than 100,000 residents. Prospera share equals
the number of households enrolled at the start of 2017 divided by the number of households in the 2010
census. * p < 0.1 ** p < 0.05 *** p < 0.01
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Table 2: Effects of Prospera rollback versus BBJ rollout, ages 15-17, by gender

(1) (2) (3) (4)

A. Boys
Prospera share -0.123*** -0.109***
× 2019-20 [0.036] [0.038]

Prospera benefits per HH -0.013*** -0.011***
× 2019-20 [0.003] [0.004]

BBJ benefits per HH -0.009* -0.008
× 2019-20 [0.005] [0.005]

N 89,275 89,275 89,275 89,275

B. Girls
Prospera share -0.054 -0.057
× 2019-20 [0.036] [0.037]

Prospera benefits per HH -0.007** -0.007**
× 2019-20 [0.003] [0.003]

BBJ benefits per HH -0.003 -0.003
× 2019-20 [0.005] [0.005]

N 85,723 85,723 85,723 85,723
Note: Brackets contain standard errors clustered by locality. Dependent variable is school enrollment.
Benefits per household are measured in thousands of pesos per month. All regressions include
state-by-quarter fixed effects. Columns (1)-(2) include the Prospera share and its interaction with the
2018-19 indicator. Columns (3)-(4) include Prospera benefits per household (in thousands of pesos per
month) and its interaction with the 2018-19 indicator. Columns (2) and (4) include BBJ benefits per
household (in thousands of pesos per month) and its interaction with the 2018-19 indicator. Sample
excludes summers and localities with more than 100,000 residents. * p < 0.1 ** p < 0.05 *** p < 0.01
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Table 3: Heterogeneity in effect of rollback on school enrollment, ages 15-17, by gender

Head’s education level Locality pop. Locality marg.

≤ primary > primary < 2, 500 ≥ 2, 500 High Low

(1) (2) (3) (4) (5) (6)

A. Boys
Prospera share -0.179*** -0.057 -0.149*** -0.184*** -0.154*** -0.136
× 2019-20 [0.050] [0.043] [0.050] [0.067] [0.054] [0.094]

Dep. var. mean 0.617 0.839 0.670 0.768 0.662 0.775

N 41,957 47,268 33,553 55,722 32,283 56,992

B. Girls
Prospera share -0.063 -0.013 -0.097** -0.091 -0.117** -0.120
× 2019-20 [0.049] [0.052] [0.049] [0.074] [0.056] [0.096]

Dep. var. mean 0.641 0.837 0.676 0.785 0.654 0.805

N 39,574 46,115 31,401 54,322 30,691 55,032
Note: Brackets contain standard errors clustered by locality. All regressions include the Prospera share, its
interaction with the 2018-19 indicator, and state-by-quarter fixed effects. Sample excludes summers and
localities with more than 100,000 residents. “High” indicates high to very high marginalization; “low”
indicates very low to medium marginalization. * p < 0.1 ** p < 0.05 *** p < 0.01

Table 4: Effect of rollback on labor supply, ages 15-17, by gender

Employment Weekly hours Monthly earnings

(1) (2) (3)

A. Boys
Prospera share 0.078** 4.68*** 455***
× 2019-20 [0.032] [1.30] [114]

Dependent variable mean 0.353 11.38 629

N 89,272 89,272 89,272

B. Girls
Prospera share -0.016 -0.789 -30
× 2019-20 [0.022] [0.874] [53]

Dependent variable mean 0.134 3.86 194

N 85,721 85,721 85,721
Note: Brackets contain standard errors clustered by locality. All regressions include the Prospera share, its
interaction with the 2018-19 indicator, and state-by-quarter fixed effects. Sample excludes summers and
localities with more than 100,000 residents. Earnings are measured in pesos. * p < 0.1 ** p < 0.05 ***
p < 0.01
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Table 5: Effect of rollback on work by sector, boys ages 15-17

A: Formality Formal Informal

(1) (2)

Prospera share 0.015*** 0.062*
× 2019-20 [0.006] [0.033]

Share in sector 0.009 0.341
N 88,848 88,848

B: Industry Construct. Manuf. Commerce Services Agric.

(3) (4) (5) (6) (7)

Prospera share 0.038** 0.017 0.024** 0.018* -0.018
× 2019-20 [0.017] [0.016] [0.011] [0.011] [0.030]

Share in industry 0.041 0.041 0.046 0.059 0.163
N 88,848 88,848 88,848 88,848 88,848

C: Occupation Industrial Mercantile Personal Agric.

(8) (9) (10) (11)

Prospera share 0.056*** 0.012 -0.002 0.006
× 2019-20 [0.021] [0.011] [0.008] [0.029]

Share in occupation 0.097 0.045 0.030 0.163
N 88,848 88,848 88,848 88,848

Note: Brackets contain standard errors clustered by locality. All regressions include the Prospera share, its
interaction with the 2018-19 indicator, and state-by-quarter fixed effects. Sample excludes summers and
localities with more than 100,000 residents. The industry and occupation categories account for >99% and
97% workers, respectively. * p < 0.1 ** p < 0.05 *** p < 0.01
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Online Appendix

Figure A1: School enrollment over time, census data
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Note: Data are from the 1990, 2000, 2010, and 2020 censuses and the 1995, 2005, and 2015 intercensal
surveys. The age ranges for primary, middle, and high school follow a typical student’s grade progression in
the Mexican system. The 2020 census was collected throughout March, with an official reference date of
March 15. Mexican public schools shut down due to the coronavirus pandemic on March 20.
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Figure A2: Benefits by locality Prospera beneficiary share

Prospera benefits per HH, 2017

BBJ benefits per HH, 2019

Distribution of households
0

5

10

15

Th
ou

sa
nd

s 
of

 p
es

os
 p

er
 h

ou
se

ho
ld

0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1.0 1.1 1.2
Prospera beneficiary share, 2017

Note: Sample includes localities with at least 100 residents, which contain 98% of the Mexican population.
Beneficiary data are from program administrative records; household counts are from ITER. Prospera data
are for the last non-electoral year preceding rollback, 2017; Becas Benito Juárez data are for the first year of
operation, 2019. Household counts are for 2010, the most recent census preceding the rollback of Prospera.
Some localities have beneficiary shares above 100 due to population growth since the most recent census.
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Figure A3: Prospera beneficiary share by locality size
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Note: Sample includes localities with at least 100 residents, which contain 98% of the Mexican population.
The ENOE is designed to be representative of localities in each of the population categories.
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Figure A4: School-leaving rates by season
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Note: Share of children enrolled in the starting season who were not enrolled in the ending season, based
on the ENOE rotating panels. Age is measured in the starting season; 17-year-olds who turned 18 are
excluded. Sample excludes summers and localities with more than 100,000 residents.
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Figure A6: Binned estimates of enrollment effects by age group and sex
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Note: Point estimates and 95% confidence intervals, based on standard errors clustered by locality.
Coefficients on the interaction each bin indicator with an indicator for the 2019-20 school year. All
regressions include bin indicators, their interactions with the 2018-19 indicator, and state-by-quarter fixed
effects. Bins start as specified by the horizontal axis labels: [0, 0.1), [0.1, 0.2), · · · ,≥ 1.0. Sample excludes
summers and localities with more than 100,000 residents.

51



Figure A7: Event studies for school enrollment using benefits per household
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Note: Re-estimation of Figure 2 using benefits per household (in thousands of pesos) as the measure of
Prospera penetration. Point estimates and 95% confidence intervals, based on standard errors clustered by
locality. All regressions include the Prospera share and state-by-quarter fixed effects. Sample excludes
summers and localities with more than 100,000 residents.
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Figure A8: Alternative regression specifications for school enrollment: benefits per household
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Note: Re-estimation of Figure 3 using benefits per household (in thousands of pesos) as the measure of
Prospera penetration. Point estimates and 95% confidence intervals, based on standard errors clustered by
locality. All regressions include Prospera benefits per household, its interaction with the 2018-19 indicator,
and state-by-quarter fixed effects. Sample excludes summers. Individual covariates include child sex, child
age, the household head’s education level, an indicator for the mother being present in the household, and
the mother’s age group, marital status, education level, and literacy if she is present. In the
“marginalization interaction” regressions, we interact quarter indicators with indicators for single-percentile
bins of the municipality or locality marginalization index. In the “time trend × Prospera” regressions, we
interact a linear time trend with the Prospera share. In the “big cities” regressions, we estimate the
baseline model in an expanded sample that includes cities with populations over 100,000.
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Figure A9: Coresidence with a parent or guardian by age and sex
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Note: A child is coded as coresident with a parent or guardian if the relationship to the household head is
child, child-in-law, adopted child, grandchild, great-grandchild, great-great-grandchild, nephew, niece,
godchild, non-legally adopted child, child of domestic worker, or child of guest or border. Sample excludes
summers and localities with more than 100,000 residents.
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Figure A10: Attrition by rotating panel wave
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Note: Share of children attriting from the 5-wave rotating panel. Household attrition refers to losing all
members to follow-up; individual attrition refers to losing the individual to follow-up. Sample excludes
observations starting in the summer and localities with more than 100,000 residents.
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Figure A11: School and work patterns by age, ENOE data
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Note: Data are from the Encuesta Nacional de Ocupacion y Empleo 2013-2020. The age ranges for
primary, middle, and high school follow a typical student’s grade progression in the Mexican system.
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Figure A12: Age profiles of men’s hourly earnings by highest completed schooling level
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Note: Mean pesos per hour among male workers who completed middle school but not high school or who
left school after completing high school. Sample includes men who work at least 30 hours per week and
have nonzero labor earnings. Sample excludes summers and localities with more than 100,000 residents.
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Table A1: Monthly grants for Prospera (2017) and Becas Benito Juárez (2019)

Prospera Becas Benito Juárez
Per child transfer to HH $350 (grade 6) Flat transfer to HH $800 (grades 3-9)

$570 (grade 9) Transfer to youth $800 (grades 10-12)
$980 (grade 12)

Nutrition grant to HH $335
Note: Amounts in pesos. Prospera amounts are for boys in selected grades; grants for girls were roughly
15% larger in middle and high school.

Table A2: Effect of rollback on attrition and family coresidence, ages 15-17, by gender

Omitting final panel wave Full sample

Household
attrition

Individual
attrition

Family
coresidence

(1) (2) (3)

A. Boys
Prospera share 0.004 0.007 -0.004
× 2019-20 [0.010] [0.010] [0.008]

Dependent variable mean 0.028 0.031 0.984

N 68,814 68,814 89,275

B. Girls
Prospera share -0.009 -0.008 -0.004
× 2019-20 [0.011] [0.011] [0.013]

Dependent variable mean 0.031 0.034 0.966

N 66,129 66,129 85,723
Note: Brackets contain standard errors clustered by locality. Household attrition refers to losing all
members to follow-up in the next panel round; individual attrition refers to losing the individual. Family
coresidence refers to living with a parent or guardian. A child is coded as coresident with a parent or
guardian if the relationship to the household head is child, child-in-law, adopted child, grandchild,
great-grandchild, great-great-grandchild, nephew, niece, godchild, non-legally adopted child, child of
domestic worker, or child of guest or border. Sample sizes are smaller in columns (1) and (2) because
attrition is not defined for a household’s final round in the rotating panel, nor in winter 2020. All
regressions include the Prospera share, its interaction the 2018-19 indicator, and state-by-quarter fixed
effects. Sample excludes observations starting in the summer and localities with more than 100,000
residents. * p < 0.1 ** p < 0.05 *** p < 0.01
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Table A3: Effect of rollback on non-labor time use, ages 15-17, by gender

Study Chores HH admin. Care

(1) (2) (3) (4)

A. Boys
Prospera share -2.725* 0.049 0.058 -0.043
× 2019-20 [1.398] [0.283] [0.087] [0.111]

Dependent variable mean 23.56 4.41 0.53 0.42

N 88,871 88,871 88,871 88,871

B. Girls
Prospera share -1.070 0.145 0.208 -0.038
× 2019-20 [1.494] [0.588] [0.140] [0.434]

Dependent variable mean 24.63 11.29 0.86 2.41

N 85,251 85,251 85,251 85,251
Note: Dependent variables are measured in hours per week. Only time use categories averaging more than
30 minutes per week are included. Brackets contain standard errors clustered by locality. All regressions
include the Prospera share, its interaction with the 2018-19 indicator, and state-by-quarter fixed effects.
Sample excludes summers and localities with more than 100,000 residents. * p < 0.1 ** p < 0.05 ***
p < 0.01

Table A4: Effect of rollback on school-work combinations, boys ages 15-17

School,
no work

School,
work

No school,
work

No school,
no work

(1) (2) (3) (4)

Prospera share -0.067** -0.056** 0.135*** -0.011
× 2019-20 [0.034] [0.022] [0.032] [0.018]

Dep. var. mean 0.57 0.15 0.20 0.07

N 89,272 89,272 89,272 89,272
Note: Dependent variables equal 1 if the condition in the column title is met, 0 otherwise. Brackets contain
standard errors clustered by locality. All regressions include the Prospera share, its interaction with the
2018-19 indicator, and state-by-quarter fixed effects. Sample excludes summers and localities with more
than 100,000 residents. * p < 0.1 ** p < 0.05 *** p < 0.01
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